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Dear Editor, 
The rapid emergence of large language models (LLMs) 
in medical education has transformed the process of 
generating multiple-choice questions (MCQs). Recent 
literature has comprehensively summarised the classical 
flaws in MCQ design, including weak distractors, 
convergence errors, incomplete stems, and the 
importance of systematic post-hoc item analysis (Steele 
et al., 2025). It has also highlighted that, even as 
generative AI becomes integrated into assessment 
design, expert review remains indispensable to ensure 
validity, reliability, and cognitive depth (Elzayyat et al., 
2025). 
 
As generative AI becomes integrated into the question-
writing process, these flaws are emerging as factors that 
can compromise the quality and fairness of assessments. 
My review of AI-generated questions reveals several 
recurring problems that pose real risks to assessment 
quality. Weak distractors are common: they may be 
implausible, overly brief, include absolute terms that 
reduce discrimination, or contrast sharply with the 
correct option in length and detail, making the correct 
answer identifiable even without content knowledge. 
Word overlap or convergence, in which key terms from 
the stem are repeated in answer choices, often serves as 
another unintended cue. Another frequent flaw is the 
over-explained correct option, which goes beyond 
simple identification and provides additional functional 
characteristics that are absent in other distractors. 
Finally, bias in answer distribution has also been 
observed; for example, the correct answer appeared 
disproportionately less often in option A, which may 

create predictable patterns and encourage strategic 
guessing. Although computer-based assessments 
typically randomise question and option order, reducing 
the impact of such bias, it could still influence small-
scale paper-based tests such as in-course assessments, 
where students may exploit positional patterns. 
 
These problems are not minor. If they are ignored, they 
can reduce the fairness of exams, make test scores less 
meaningful, and allow poor-quality questions to become 
available. As AI-generated content becomes more 
common, educators need to be cautious and actively 
involved in checking its quality. Questions created by AI 
should always be carefully reviewed by humans before 
being used in any exam. Each item should be examined 
for the quality and plausibility of distractors, the balance 
of language, possible cues that reveal the answer, and the 
overall distribution of correct options. AI should be seen 
only as a tool to support question development, not as a 
replacement for human judgment. Careful and 
systematic review is essential if we want to maintain the 
quality, fairness, and credibility of assessments in the era 
of generative AI. 
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